v W % 3 A
mi‘mmm’cmWu‘fi{‘ufsNﬂmmimmﬂC])'ﬁ}ameﬁmﬂizuaumi

Pair Selection of Appropriate Taxi Drivers using Process Mining

Bl FEE ARG

Chawit Rujichansiri

a c’cgl I 1 = = @ = a 4 o a
asiwusiuaunilsvesmsanymurangaslsyyimanmaasurniuga
1NN 1u ladasaums
UNAINYIAY UHIINY1ASTS

WNBANIIY 2561



UaunaInenae
U¥IINENagaEy

TuSusesastinus

Miteastinus MIMANVFURUTUBIAUTUTAUNNT A3 Process Mining

Pair Selection of Appropriate Taxi Drivers using Social Network

Analysis Models

¥orlnfnun WA NS
swadszam 6017600003
PSaan Innmaaiuiiagia
MIN ma lulagansaums

J‘; o = o ar ar 4
21915815 am MaAs19159 A3.3Fe5 1Wsuvsadaa

=y o - di

AVZHAITUMTFDIUATITHUNUE AUUDHD

—

- o/ ar 4
AN W"I‘igﬁ‘i.?!%ﬂi nlsuseeian o DI SEUN N —

594A1EAT 10150 A5. 2509 AT GIAY

SundouAl Naeu 12/12/2562

VanaIneaesuseadn

o o é‘
(AR50 A3 IF05 WsuFoadian)

AUVATUNAINGIAY Iy una Tu ladasaums

N . POU oo Wl e,



UNANYD

v Y a A s v o o 4 Ay A
WV INYIUNUT CMSIANUTUNUTUDIAUTUITDUNNFAIUHDINTEUIUMS
d‘ =1 a a an
¥9UNANH - UV I A3
salszdan : 6017600003
ForTayan Anneansunitiaia
AUREEA - na Tulagasaumnd

s (= o aa o o £
SARREIA B IEI T - ANAN519158 A5.21%85 1WTUTFeaIaA

Y 9
A o (Y [

a J @ = - =] 3 A 1 A
’L’f'l'iuwuﬁﬂU‘]Juu%ﬁu@mfl’)ﬂﬂ@uﬂﬂc]f Gﬁﬂiﬂllﬂﬂ“ﬁiugﬂ\lﬂ\‘lﬁhﬂ 30 U I@ﬂiuﬂ’ﬂll“ll‘lﬂ'lﬂ'mﬂ

o a A L) 9 3 AR v T 3 Ay
%3ﬂ'Wiu@iﬂ@]ﬁﬂ’]uﬂ33?ﬁ/]‘ﬁfl']WLLa$ﬂ\‘lﬂGIf‘LIﬂ']ﬁGl‘HQWUﬂJﬂﬁﬁzﬂﬂsll@QQllmﬂ“ﬁ FAUAVNVDIYUNNFADINTG

=1

v 2 A 1A o Yy & v - vy &
1145‘6]!&‘1/]ﬂ%%@ﬂiﬂﬂquuﬂumﬂiﬁuﬂﬂ‘ﬂﬁﬂ Iﬂﬂﬂﬁ‘lﬂllﬁﬁigﬂﬂﬂlﬂﬂgu‘ﬂﬂ% sznpuAIgTUADU

a

v 1

dy @ 3 A 9 7 Y % 1 Y X o 1 A
ﬂmavl‘ﬂu 1u24%ﬂm5mmﬂ%ﬂzi%ﬂuﬂJUﬁaﬂﬂu AUVUAULINILUVUBINUBIATIIU FIUAUNTDIVY

]
U 1 =

% [ o ] - ] T 3 o 1
TUFINANAUAT T M3 usutiamnsore Iguinng ldaseseldgeganaziiligselduazma

o A A 1 I P A A Y [ A @ ] o
ﬂ']vli‘ﬂlwu']gﬁilﬂq@ @EJ'NUliﬂﬁ111quGl,uﬂf,yﬁ’lﬂlﬂEl'Jsll@\‘lﬂU'igUUﬂ@ﬂu"llUﬁﬂ Fﬂgllilﬁ']ll']iﬂu']‘ﬂ']\ﬂu

Yy 1 Y 4 v
v Aa A 1 A o v v W o 9

'lﬁ’mmawﬁ'ﬂuumuﬂzmwadamﬁﬁmummﬂﬂﬂﬁammuwumﬁﬂ‘]’mmmmuuu € ATUUALLYN

1 ) ]
Y = LY = 2

a J < < o @ o o
ﬁ}mnmuazmﬁqmul,%ﬂmueumgﬁmmﬂ ﬂ\‘]uuﬂ"ﬁLaf]ﬂﬂu‘llﬂiﬂﬂlﬁlleﬁiJ%\iLﬂuﬁﬂﬁT UFIITY

Y T3 A A @ 1 9 Y Y o a a 4 [ AR 1
RI1VDIPUNNY LW’E’)LLfﬁﬂJﬂQ}JﬁWﬂQﬂﬁT’JGU”I\W]H"lﬂu%‘ﬂﬂl!‘ﬂﬂWTJmiTZﬁﬂﬁg'U'Juﬂ”IﬁGniJ@aﬂ@i‘ﬁﬂJﬂﬂ%’Jﬂ

o

a 9 b o 9 =\ ~ a o a
ﬂ'lijlﬂﬁ'lgﬂiﬂﬂ‘l% Social Network l,!,az“mUlﬂi“ﬂﬂEJiJLi]GluWH]z’JmiwmmzG]i)i]ﬁ@‘lJ‘Wi]G]ﬂiiiﬂl’a\‘]

o}
de

Bldd' [ % o 1y [ o d‘ ~ 9 1 g’/ 9 A [ =3
urusalvanga gaudusodmIuIWINOuNneIvee asnntiulaglsns il , Tuaansevis lawea

Yo ) v J9 Y Y 1 g Ayy ° v o @ |
Ulﬂi“]J f;’fiNWﬁﬁWﬁiﬁ!ﬂWﬂJﬂ\?QﬁﬂlLﬂﬂﬁﬁ Ulﬂﬁﬂlﬂiﬂ%?ﬁﬂ\ulﬂgllﬁﬂ\‘lﬂ’NiJﬁiJWH‘ﬁﬂuell‘Uﬁﬂhlﬂ LU

=L

¥ 9 = o = o

1 2 A Ya < 9 g’/ a o Y Y
Qﬁﬂll'ﬂﬂ"ﬁﬂlcﬁj'ﬁﬂ'ﬁlﬂlﬁ'}ﬂﬁ'JlJGU'ﬂlJ“aLL‘U‘U@NL@UJ{"Nuum@uﬁﬁﬂﬂgﬂﬂuﬂﬂllﬁgﬁ]ﬂLﬂﬂﬂ?ﬂﬂul@ﬁiﬂﬂiﬁﬂ
| [ 1 <3 dy Y o [ =2 Au A a
nszaEuvan i’]fl”l\i]lﬁﬂ@]"Ill\1']‘Lluﬁ"lll13ﬂhlﬁ51ﬂ§1uﬁ1ﬁ5ﬂﬂ1§ﬁﬂB1LLa$ﬂ']'i'Jﬁ]EJLWlllﬁllGlu@u"lﬂﬁ
A A a ° A o =< ax 9 . Y Y
ATNINAUANTIINUHUBDINTSUIUNTITITUIUUIN 5311@\1'!‘5?7']5165 Social Network ﬁ1ma€ﬂm1u"l@

naimnmvagy



ABSTACT

Title  : Pair Selection of Appropriate Taxi Drivers using Process Mining
By : Mr. Chawit Rujichansiri i
Degree : Master Of Science in information Technology

Advisor : Prof, Dr. Wichian Premchaiswadi

The current work emphasizes on a Taxi rental company which possess 30 cars. In an effort to
benchmark the company's performance and functionality/usability system, the owner of the company
decided to utilize the cars as much as possible in such a way to avoid any Taxi remaining in an idle/inactive
status. The company's system typically was consisted of the following steps as follows: a Taxi car is usually
used by a pair of two different drivers within 24 hours so as the first driver takes care of the morning half-
day, while the other one takes care of the night half-day. Doing this can help the company to maximum its
monetization process leading to optimum revenue and profits. However, one of the problems associated
with the current system is that, in case any of the driver pairs will not be able to come to work punctually,
then this is going to affect the overall time scheduling of the driving plan for that day leading to time conflict
and loss of money for the company. Accordingly, the selection of the appropriate pair of drivers is crucial
for the owner of the company. To solve these issues and in order to address the above-mentioned problems,
a Process Mining technique based on the social network analysis algorithm was applied and used with the
intention of better analyzing and investigating the behavior of the drivers so as to select the best "pair" of
drivers for the relevant working days. Subsequently, by using the resulting/generated social network
graphs/models, the owner of the company was capable of simulating and illustrating the relationships and
communicational dependencies amongst the drivers. Due to the fact that the company was using a very
traditional way of data collection, therefore, the data was captured and stored manually within a paper-based
approach, Nevertheless, this work can provide groundwork for further and future studies and research in

such a way that several Process Mining techniques (including social network mining methods) can be

applied in versatile. ,J/
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