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Abstract

Data First Co.,Ltd. is a leader in providing comprehensive data application consulting
with experience in both online and offline advertising. They also integrate current knowledge of
social media understanding. The company has a need to present data analysis guidelines on the
relationship between online audience sentiment and television ratings. Through observing the
extensive discussion of series across various social media platforms, resulting in numerous
hashtags and influencing series critiques, the analysts decided to study the relationship using data
from Twitter (X), TikTok, Instagram, and Nielsen TV ratings. This analysis aims to refine content
to better resonate with future viewers or to increase TV ratings. The analytical process involved:
1) Understanding and studying the data; 2) Establishing analysis objectives; 3) Data preparation;
4) Data analysis; and 5) Presenting data visualizations. Tools employed for data analysis include
Mandala Al for gathering sentiment data from social media posts and Tableau for data
visualization. The analysis results reveal that online audience sentiment does not directly correlate
with increased TV ratings; other factors such as target demographics, airtime, competition, and
various strategies also play significant roles. However, it cannot be denied that the buzz generated

online impacts TV ratings.
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